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"the conjecture that every aspect of learning or any other feature of intelligence can in principle be so precisely
described that a machine can be made to simulate it" (McCarthy et al., 1956). Later defined as the "capacity of
computers or other machines to exhibit or simulate intelligent behaviour" (OED)
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ImageNet

14M images tagged by human.
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In the beginning the Word already existed. The Word was with God, and the
Word was God.
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More Data, More Intelligent
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Enough Data, More Intelligent
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Can Generalist Foundation Models Outcompete
Special-Purpose Tuning? Case Study in Medicine

Harsha Nori'f, Yin Tat Lee", Sheng Zhang", Dean Carignan, Richard Edgar,
Nicolo Fusi, Nicholas King, Jonathan Larson, Yuanzhi Li, Weishung Liu,
Rengian Luo, Scott Mayer McKinney!, Robert Osazuwa Ness,
Hoifung Poon, Tao Qin, Naoto Usuyama, Chris White, and
Eric Horvitz!

Microsoft

November 2023
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. Stanford Institute for Human-Centered Artificial Intelligenceh’202 1 (IC[E
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. "A large artificial intelligence model trained on a vast quantity of
unlabeled data at scale (usually by self-supervised learning) resulting in
a model that can be adapted to a wide range of downstream tasks.”
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“Let’s think step by step.” E1EZA BT TRENBNMREREEL B,
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“Take a deep breath and work on this problem step-by-step.”

Table 4: Test accuracies on GSM8K. We show the instruction with the highest test accuracy for each
scorer-optimizer pair.

Scorer Optimizer / Instruction Top instruction Acc
Source position
_Baselines _ _ _ _ _ e
PalLM 2-L (Kojima et al., A_begin Let’s think step by step. 71.8
2022)
PalLM 2-L (Zhou et al., A_begin Let’s work this out in a step by step way to be sure we have the  58.8
2022b) right answer.
PalLM 2-L A_begin Let’s solve the problem. 60.8
PalM 2-L A_begin (empty string) 34.0
text-bison  (Kojima et al.,, Q_begin Let’s think step by step. 64.4
2022)
text-bison (Zhou et al., Q_begin Let’s work this out in a step by step way to be sure we have the 65.6
2022b) right answer.
text-bison Q_begin Let’s solve the problem. 59.1
text-bison Q_begin (empty string) 56.8
COurs L _________.
PalLM 2-L PalM A_begin Take a deep breath and work on this problem step-by-step. 80.2
PalM 2-L PalM 2-L A_begin Break this down. 79.9
PalLM 2-L gpt—-3.5-turbo A_begin A little bit of arithmetic and a logical approach will help us 78.5
quickly arrive at the solution to this problem.
PalLM 2-L gpt-4 A_begin Let’s combine our numerical command and clear thinking to 74.5
quickly and accurately decipher the answer.
text-bison PalM Q_begin Let’s work together to solve math word problems! First, we will ~ 64.4

2-L-IT read and discuss the problem together to make sure we
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LLM is Foundation Model
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CLIP (Contrastive Language-Image Pre-training)

https://openai.com/index/clip/
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Intelligence in Language Space

IQ Test Results Show Offline Test || Show Mensa Norway

Mensa Norway IQ Scores (Average of last 7 tests)

TrackingAl.org

Mensa Norway quiz
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https://www.maximumtruth.org/p/massive-breakthrough-in-ai-intelligence
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https://arxiv.org/abs/2509.20328
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