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Study of the sleep patterns, sleep habits, and ...

That s y duration was significantly shorter in the older students was attributable to their later bedtimes.
Differences in the total and sub-item sco he CSHQ-J were largely attributable to the autonomy of sleep.
Key words: CSHQ-J, elementary school children, sleep habits, bedtime, Japanese Introduction leep deficiency —

FEEDIEIR A B ERARICDOVTIRER

”Short Sleep duration and SChOOI grades in Children" Poor sleep is thought to interfere with children®

research and theory indicate there are factors that may mitigate the academic risk associated with poor sleep

learning and academic achievement (AA). However, existing

The purpose of this study was

The Tohoku Journal of Experimental Medicine

- = Istagejst.gojp/article/tem/2...
Short sleep duration and school grades in Short Sleap Duration and Imeguiar Bectime Are Associated
h = Id Access full-text academic articles: J-STAGE is an online platform for Japanese academic journals.
C I re n Centere for Disease Control and Prevention
cde.gow/mmwrfvalumes/6...
Short Sleep Duration Among Middle School and High ...
Eo &l FE@ VJ—
m B @ uf& J=A 10 Insufficient sleep among children and adolescents is associated with increased risk for obesity,
diabetes, injuries, poor mental health, attention and behavior problems, and poor academic
G nature _ »
8 ac & International journal of.. & The Tohoku Journal of.. E3 Centers for Disease nature.com/articles/s4153
Study of the sleep patterns,  Children's Sleep and Short Sleep Duration and Short Sleep Duration | Sleep duration and subject-specific academic performance ...
sleep habits, and ... Academic Achievement Irregular Bedtime Are.. Among Middle School a b T
—_ ischool.org _ ¥
FIS pfischool.org/news/detail/~b. ‘H
Kids need more sleep to get better grades | News Detail | i.‘w @
+ Assistant steps > News Detail - Benjamin Franklin International School -

Short sleep duration in children is strongly associated with poorer school grades and reduced

cognitive performance. Research consistently shows that children who sleep less than

recommended face measurable academic disadvantages. \J Z% % 5 t
\

Impact on Academic Achievement

! Y —_ —
Children who get insufficient sleep (typically less than 8-9 hours per night for school-age groups) j D / 7 —YD l — 2 EE —

exhibit lower scores in core subjects such as mathematics and English, reduced attention spans,

—_— A
and impaired problem-solving and reasoning skills. Sleep deprivation disrupts neural B % 1 l 78: D ((—>J:b é 5

synchronization in the brain, diminishing alertness, impulse control, and working memory—

functions essential for classroom learning. kitasato-u +1 (Y ﬁjﬁ*ﬁ?\ (: (j:; i\ \Iﬁ

Cognitive and Behavioral Mechanisms

i

Inadequate sleep affects motivation, emotional regulation, and engagement during school hours.
Children deprived of sleep demonstrate more daytime sleepiness, irritability, and poor task
persistence, leading to lower grade point averages and test results. Studies in Japanese

elementary populations further confirm that later bedtimes and shorter total sleep correspond to 26
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pubmed.nchinim nih.gov/26825581

Sleep and academic performance in later adolescence
The aim of the current study was to assess the association between sleep duration and sleep
patts and academic perfor @ in 1619 year old adolescents using registry based

ShOI"t SIEEF} dura tion and School gra’d Es in ch ild ren academic grades. A large population-based study from Norway conducted in 2012, the ..
/site:pubmed.ncbi.nim.nih.gov O Cn s g

Trajectories of reported sleep duration associate with early ...

Lenger and more consi:
in early childhood were associated with better cegnition at 2 and 4.5 years.

el L1y -
HEE SBEE e V-3 e
' PubMed
pubmed.ncbinlm.nih.gov/28364447
Association Between Short Sleep Duration and Risk ...
Midd stud s at high risk of in

nt night- and total sleep trajectories, and a short day sleep trajectory

ficient sleep; in particular, an SD <7 hours is

.) PubMecd ..) PubMed .} PubMead .} PubMed with increased risk behavior factors.
Sleep and academic Trajectories of reported Association Between Short Poor sleep and lower () A T
performance in later... sleap duration associate... Sleap Duration and Risk ... working memory in grade 1| poor sieep and lower working memory in grade 1 children
At a population level, poor sleep in early school-age children is associated with poorer verbal
working memory, an important predictor of academic difficulties.
PubMed
ke Assistant steps » . pfbn-:cr:bmlm-ur.gc- 129370154

Short Sleep Duration Ameng Middle Scheel and High ...

Insufficient sleep among children and adolescents ed with increased risk for obesity,

Short sleep duration in children is associated with poorer academic performance and cognitive | @20 we

performance (1-4). The American Academy of Sleep Medicine has recommended that, for ...

functioning. Multiple studies show that children and adolescents with shorter sleep duration tend gy piues

pubmed.ncbinlm.nih.gov/30058576

attention and b

poer mental health, roblems, and poor a

Sleep Duration and Factors Related to Sleep Loss in 3-14 ...
Sleep loss was common among 3-14-year-old children in Beijir
with age, ally among children over 11 year
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Matsui K, et al. Nutrients. 2021;13(11):4179.

Logistic regression analysis was conducted to identify factors associated with evening
' hyperphagia. The dependent variable was the presence or absence of evening hyperphagia.

s Independent variables included age (categorized as 16-39, 40-59, and 60-79 years), sex
(male or female), body mass index (BMI) (categorized as <25 kg/m 2 or >25 kg/m 2),
current smoking status (yes or no), habitual alcohol intake (yes or no), regular employment
or school attendance (yes or no), living alone (yes or no), regular physical activity (yes or
no), hypnotic medication use (yes or no), average sleep duration (categorized as =6 hours or
<6 hours), sleep-wake schedule (categorized as normal, earlier, or later), absolute social jet
lag (categorized as <1 hour, 1-2 hours, or =22 hours), and Insomnia Severity Index (ISI)
score (categorized as 0-7, 8-14, or 15-28). Univariate and multivariate analyses were
performed to estimate relative risks with 95% confidence intervals. In the univariate analysis,
each independent variable was assessed individually. For the multivariate analysis, all
independent variables were included in the model. Statistical significance was determined as
a p-value of less than 0.05.
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For patients with worsened DSWPD symptoms, univariate logistic
regression analysis showed that decreased social zeitgebers (odds
ratio [OR] = 4.675, 95% confidence interval [CI]: 1.427-15.321, p <
0.05) and comorbidity of mood disorders (OR = 5.882, 95% CI:
1.421-24.355, p < 0.05) were significantly associated. In the multiple
logistic regression model, both decreased social zeitgebers (OR =

6.668, 95% CI: 1.653-26.891, p < 0.05) and comorbidity of mood . ~ =
disorders (OR = 8.876, 95% CL: 1.714-45.974, p < 0.05) exhibited | 120I€DATU—=>23yk

independent Signiﬁcant associations. Matsui K, et al. Nutrients. 2021;13(11):4179.

# ANNEHR
{MIDER : Table 2}

#T7INTwh

In univariate logistic regression analysis, age 60-79 (OR=0.541, 95% CI: 0.330-0.887, p<0.05),
BMI >25 (OR=1.639, 95% CI: 1.089-2.468, p<0.05), living alone (OR=1.730, 95% CI: 1.134-
2.640, p<0.05), average sleep duration <6h (OR=2.345, 95% CI: 1.628-3.378, p<0.001), later
sleep-wake schedule (OR=2.723, 95% CI: 1.834-4.044, p<0.001), absolute social jet lag >2h
(OR=1.852, 95% CI: 1.028-3.336, p<0.05), and ISI score 8-14 (OR=1.613, 95% CI: 1.066-2.441,
p<0.05) and 15-28 (OR=3.538, 95% CI: 2.104-5.949, p<0.001) were significantly associated with
evening hyperphagia. In the multiple logistic regression model, BMI >25 (OR=1.525, 95% CI:
1.005-2.313, p<0.05), average sleep duration <6h (OR=1.687, 95% CI: 1.152-2.472, p<0.01),
later sleep-wake schedule (OR=2.196, 95% CI: 1.450-3.326, p<0.001), and ISI score 15-28
(OR=2.653, 95% CI: 1.558-4.515, p<0.001) exhibited independent significant associations with
evening hyperphagia. 35
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3-step Academic Translator (to English) Rephrase master

AAZEEANTBL. % BEBOUIL - B
3ATYI TEARIEE(CE : XBORS(CH/\)I-23>%

Fi5 Cld. ChatGPTRIIUHE T2 ERAIDEEER L. HEADIYIIE ""Generative Al is useful in various contexts, such as clinical practice
PREBEZEECHIZFEHTEEIOVTERLE. £RAIB. XEE and research, but its current users are limited. This represents a missed
B 7951, PATTEIE, 35, BRGL B4 BB CERIMHESN opportunity for many healthcare professionals. To widely integrate
BY, EEONELPEQR LICERT 3T #E1ENH3. generative Al into medical settings, it is crucial to first enhance Al

literacy. Healthcare professionals need to accurately understand both
the strengths and limitations of Al, and acquire the knowledge and

G‘ Step 1 (Direct Translation): skills to use it appropriately. Additionally, creating an environment that
allows for the integration of Al into existing workflows is another
This paper provides an overview of generative Al, including ChatGPT, and discusses its societal important challenge. Without overcoming these challenges, the true
impact and potential applications in the field of psychiatry. Generative Al is expected to be utilized value of generative Al is unlikely to be realized.""

across various domains, such as text generation, data analysis, idea creation, education, and research,

with the potential to contribute to increased efficiency and improved quality of work.
% "Generative Al holds significant potential across various contexts, including clinical practice and
Step 2 (Thinking): research, yet its adoption remains limited. This limitation represents a missed opportunity for

To refine the translation, | ensured that the sentence structure remains clear and conveys the numerous healthcare professionals. To facilitate the widespread integration of generative Al into

academic tone expected in research writing. The focus was on maintaining the original meaning medical settings, it is essential to first improve Al literacy. Healthcare professionals must gain a

while making the text more concise and cohesive. | also ensured that the sequence of ideas flows precise understanding of Al's strengths and limitations and develop the necessary knowledge and

logically, starting from the introduction of generative Al to its applications and anticipated benefits. skills for its appropriate use. Furthermore, establishing an environment that supports the

incorporation of Al into existing workflows presents another critical challenge. Unless these

Step 3 (Refined Academic Translation): challenges are addressed, the full potential of generative Al is unlikely to be realized.”
This paper presents an overview of generative Al, including ChatGPT, and explores its societal impact PO v

as well as its potential applications within the field of psychiatry. Generative Al is anticipated to find
utility in diverse areas such as text generation, data analysis, idea generation, education, and

research, offering prospects for enhancing efficiency and improving the quality of professional

GPTsSIZED THENFT !
“» oY (ChatGPTOER1I-Y—-THIVEHD)
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17 Meanwhile, utility of LLMs for non*native English speaker in scientific
research has received limited attention, paricular with regard to
language barrier. publish research finding in English is crucial for
dissemination purpose; however, this can pose challenge for
researcher lacking proficiency in English. our recent publication
underscore this issues, reorting that mere 17.9% of paper presented at
Japanese academic psychiatry meeting were fully published.
Incontrast, publication rate of abstract presented at scientific meeting
frm country where English is use as the first langage exceed 40%, as
show in the Cochran review.

Meanwhile, the utility of LLMs for non-native English speakers in scientific research has received

limited attention, particularly with regard to the language barrier. Publishing research findings in

English is crucial for dissemination purposes; however, this can pose challenges for researchers

lacking proficiency in English. Our recent publication underscores these issues, reporting that a mere
17.9% of papers presented at a Japanese academic psychiatry meeting were fully published. In_

contrast, the publication rate of abstracts presented at scientific meetings from countries where

English is used as the first language exceeds 40%, as shown in the Cochrane review.
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DETECTION METHOD

GENERATION METHOD

GPT-40 CLAUDE GPT-40 PARAPHRASED 01-PRO O1-PRO HUMANIZED OVERALL
TPR% (FPR%)  TPR% (FPR%) TPE% (FPR%) TPR% (FrR%) TPR% (FPR%) TPR% (FPR%)
(A) Expert human detectors
B EXPERT MAIORITY VOTE LOWy () LoD (0} LMy () 6.7 (0) LI} L ()]
- ANNOTATOR 1 6.7 (3.3) L0 (0 LMy () 6.7 (6.7) 9000 (233) 6.7 (6.7)
- ANNOTATOR 2 96.7 () B0 (30) §6.7 (10) 900 (10) 86.7 (10) 55.0 (12)
- ANNOTATOR 3 86.7 (6.7) L0 (0} 93.3 () 16.7 () 0 (3.3) 59.3 (2)
- ANNOTATOR 4 90.0 (6.7) 6.7 (13.3) LMy (100} LMy (D) LMy (1) 97.3 (6)
- ANNOTATOR 5 93.3 () 93.3 (6.7) 93.3 () 933 () 93.3 () 93.3 (1.3)
(B) Automaltic detectors
ﬂ PanGEAM HUMANIZERS 1My (1) 100 (3.3) LMy () Ly () 96.7 (10) "3 (2.7
& PAnNGRAM LUy (1) 1y (3.3) LMy () LMy (D) 0.0 (6.7) Us.0 (2)
i ERO Oty 76.7 .7 (3.2 5.3 (0.
& GPTZ LUy (1) 96.7 () LMy () T6.7 (0) 46.7 (3.3) 85.3 (0L.T)
& FAsT-DETECTGPT (FPR=0.05) LUy (1) 96.7 (3.3) 56.7 (3.3) 6.7 (0) 233 (3.3) S0 (7.2)
ﬁ BINOCULARS (ACCURACY ) LiMb {1y 93.3 () Ol (6.7) 733 () 607 () 66.7 (1.3)
& BinocuLakrs (Low FPR) 96.7 (1) BLD () 13.3 () L0 () L)) 0.0 ()
& RADAR (FPR=0.05) 66.7 (1) i (0) 1y (3.3) 0 (3.3) 0 (3.3) 3(2)
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Russell J, et al. arXiv. 2025;2501.15654.
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Night eating syndrome (NES) is characterized by excessive eating just before going to bed or after waking up at night,
which can result in difficulty in controlling body weight [1,2]. (29 words)
NES was first described by Stunkard et al. [3] in 1955 as a disease with features of morning anorexia, evening
hyperphagia, and insomnia. (23 words)
Subsequently, nocturnal ingestion (i.e., waking during the sleep period to eat) was recognized as a symptom of NES as
well [4,5]. (21 words)
NES has been reported to be associated with depression, distress, and sleep disorders [1,2], and it is listed as one of the
"other specified feeding or eating disorders” in the Diagnostic and Statistical Manual of Mental Disorders, 5th Edition [6].
(40 words)
In the proposed diagnostic criteria of NES by Allison et al. [7], which was developed based on a review of previous
literature, evening hyperphagia was defined as "At least 25% of the food intake is consumed after the evening meal” and
nocturnal ingestion as "At least two episodes of nocturnal eating per week”. (53 words)

Matsui K, et al. Nutrients. 2021 Nov 22;13(11):4179.
&F - rms e
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Night Eating Syndrome (NES) is a disorder characterized by excessive food intake during the evening or after
waking from sleep at night, often leading to difficulties with weight management. (29 words)

GPT-40 First described by Stunkard and colleagues in 1955, NES was initially defined by a triad of morning anorexia,
evening hyperphagia, and insomnia. (22 words)
Over time, the criteria have evolved to include nocturnal ingestions, where individuals wake during the night to eat.
(18 words)
NES is frequently associated with depression, stress, and sleep disturbances, and is classified under "Other Specified
Feeding or Eating Disorders" in the Diagnostic and Statistical Manual of Mental Disorders, Fifth Edition (DSM-5).
(32 words)
According to diagnostic criteria proposed by Allison and colleagues, NES includes consuming more than 25% of
daily food intake after the evening meal and experiencing at least two episodes of nocturnal eating per week.
(34 words)
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Introduction

Sleep medications are widely prescribed for the treatment of insomnia, but their long-term use
has been associated with cognitive decline, particularly in older adults. The impact of sleep
medications on brain function is a growing concern, as different classes of sleep medications
may have varying effects on cognitive performance (1, 2). In recent years, there has been an
increase in sleep medication use among the elderly population, which has been linked to a
higher risk of developing dementia (3, 4).

The problem of sleep medication use and cognitive decline is particularly relevant in individuals
with mild cognitive impairment (MCI). MCl is considered a transitional stage between normal
cognitive aging and dementia, characterized by subtle cognitive deficits that do not significantly
interfere with daily functioning (5). Studies suggest that sleep medication use may accelerate
the progression of MCl to dementia (6). Moreover, the onset of MCl may coincide with the first
occurrence of insomnia in an individual's life, leading to the initiation of sleep medication use

(7).
The primary objective of this study is to investigate the association between sleep medication
use and cognitive decline in patients with MCI. We hypothesize that:

1. Long-term use of benzodiazepine sleep medications accelerates cognitive decline in MCI
patients.

2. The use of non-benzodiazepine sleep medications has a lesser impact on cognitive decline
compared to benzodiazepine sleep medications.

To address these hypotheses, we will conduct a cohort study using data on sleep medication
use, cognitive function assessments, and follow-up information from MCI patients.
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"For the one record that GPT-3.5 the target population layer, it was suggested that
@ GPT-3.5 inferred that the record 'included both bipolar disorder and unipolar mood disorder, which did not match the
selection criteria."

GPT-40
"For the one record that GPT-4 the research design layer, it was revealed that GPT-4
@ inferred that 'although this study mentioned registration in an RCT, it investigated the associations between sleep,
physical activity, and circadian rhythm indicators' (from the perspective of whether to include the study in the meta-

GPT-40  analysis, GPT-4's judgment is likely to be correct; however, considering the purpose of the initial screening, we
determined that it would be appropriate to include the study)."

"For the two records that GPT-3.5 the research design layer, it was revealed that GPT-
@ 3.5 inferred that 'although they were RCTs, either the individual or cluster level was not specified' for both records. For

the two records that GPT-3.5 determined to be excluded at the target population layer, it was suggested that GPT-3.5
GPT-40

inferred that 'although the records involved bipolar disorder, they did not match the selection criteria due to the
presence of comorbidities (one record had generalized anxiety disorder, and the other had alcohol dependence).™

"For the one record that GPT-4 the target population layer, it was suggested that GPT-
@ 4 inferred that 'although the record involved bipolar disorder, it did not match the selection criteria due to the

presence of a comorbidity (alcohol dependence).' For the three records that GPT-4 determined to be excluded at the
Intervention and control layer, in each case, GPT-4 cited the reason for exclusion as 'the intervention criteria are the
addition of either SGA or MS to SGA or MS, but this study does not mention the use of SGA."

GPT-40
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“Furthermore, the association observed in this
study highlights the potential role of adequate
sleep as an adjuvant factor for enhancing vaccine

efficacy, particularly in the critical post-

vaccination period. Future research may benefit
from exploring how variations in sleep patterns

influence other markers of vaccine-induced

immunity, as well

interventions aimed at optimizing sleep could

as examining whether

augment vaccine outcomes in broader

populations.”
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Russell J, et al. arXiv. 2025:2501.15654.
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A Cross-Sectional Study of Evening Hyperphagia and
Nocturnal Ingestion: Core Constituents of Night Eating
Syndrome with Different Background Factors

Kentaro Matsui >3, Yoko Komada *(, Isa Okajima *(, Yoshikazu Takaesu °, Kenichi Kuriyama >

and Yuichi Inoue 37+

Matsui K, et al. Nutrients. 2021 Nov 22;13(11):4179.
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. ) L . o Zhang, Manshu, et al. Surfaces and Interfaces (2024): 104081. (Retracted)
Certainly, here is a possible introduction for your topic:Lithium-

metal batteries are promising candidates for high-energy-density 55
rechargeable batteries due to their low electrode potentials and high
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In short, we answer both questions fully. Specifically:

(a) We prove an instance-specific high-probability lower bound on the clustering error rate for MCC. This reveals the
problem-difficulty quantity D: the minimum weighted KL divergence between the transition kernels (Section 2).

(b) We propose a two-stage clustering algorithm that achieves near-optimal clustering error. Notably, it does not require
any a priori knowledge of the underlying model, yet fully adapts to the given problem difficulty (Section 4). Especially for
Stage |, we introduce a new injective Euclidean embedding specifically designed for ergodic Markov chains. This embed-
ding, a contribution of independent interest, facilitates sharp concentration results for spectral clustering analysis
(Section 4.1).

(c) Our upper and lower bounds reveal gaps in misclassification errors and the required trajectory length H. Building on
recent advances in concentration inequalities (Paulin, 2015; Fan et al, 2021) and estimation techniques (Wolfer and
Kontorovich, 2021) for Markov chains, we elucidate the inherent complexities of clustering in MMC that currently render
these gaps unavoidable (Appendix D).
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L) # Reviewer's comment
%}" What are the theoretical backgrounds for explaining the potential

pitfalls of both human and LLMs systematic reviews?

This question is essential for a deeper understanding of human
pitfalls, how LLMs can avoid human pitfalls, and the limitations of
LLM-based methodologies, all of which serve as the ground for
developing more robust performance measurements and
investigating hard-to-explain performance inconsistencies. For
example, Brown et al. (2020) acknowledged that GPT-3 models are
not grounded in domains of experience and lack much context
about the world. Where did those limitations come from, and how
do they affect the initial screening task?
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()  #Reviewer's comment
Regarding temperature, it is understandable that you
\ have used a zero temperature, but these models
generally perform worse at lower temperatures. A more
correct approach would have been to use several
different temperatures instead of fixing it at 0
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Table 2 | Reviewers raised fewer questions and wrote fewer words following authors

L

you” (vs. non-"

L&D

you”) usage

(1) Number of Questions (2) Number of Questions (3) Number of Words (4) Number of Words
Coef. t-value Coef. t-value Coef. t-value Coef. t-value
Response with “You” -4.0019*** -10.01 -3.3360"*" -9.40 -172.1471* -9.54 -135.5879*" -9.36
= After Response (0.3998) (0.3550) (18.0369) (14.4849)
Response with “You® 5.5687* 15.30 MNA MNA 269.8819* 17.78 MNA MA
(0.3639) (NA) (15.1767) (MA)
After Response -20.0423** -92.84 -21.4708™* -108.28 -1148.0390*** -112.09 -1220.0409"" -142.94
(0.2159) (0.1983) (10.2419) (8.5355)
Control Variables Mo Yes No Yes
Paper Fixed Effects MNo Yes No Yes
Observations 25,679 24,640 25,679 24,640
R? 0.31 0.523 0.440 0.662

Each column in the table represents a DID regression; Columns (1) and (3) are basic settings without controls, and columns(2) and (4) include control variables and paper fixed effects. NAindicates
that the pure effect of “you” usage is absorbed by paper fixed effects. Standard errors are reported in parentheses and are clustered at the paper level for columns (2) and (4). *p <008, **p<0.01,
**p«0.001. Twe-sided t tests with a 835% confidence interval are employed here and throughout the paper.
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Sun Z, et al. Nat Commun. 2024

Jan 2;15(1):152.
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